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Private Large Language Model Development and
Performance Evaluation under Network Isolation in

the Financial Sector

Ki—Bum Lim Jong—Hoon Oh

Seoul AI School, Assist University

We develop a private large language model (LLM) for network—isolated financial institutions
and benchmark it against FinGPT. Our model uses a LLaMA—2 7B model fine—tuned
through Low—Rank Adaptation and aligned via lightweight reinforcement learning from
human feedback pipeline. We trained our model on 500 million financial tokens and evaluate
it using sentence—BLEU, ROUGE—L, sentiment accuracy, and expert ratings. The private
model achieves a considerably higher BLEU score (47.03% vs. 13.34%) and closer alignment
with Korean financial regulations. These findings suggest, rather than establish, the feasi—
bility of developing secure and compliance—aware LLMs under air—gapped constraints.
However, this study is limited by its reliance on a single LLaMA—2 7B base model, restricted
evaluation sample, and experimental setting of a specific network—isolated financial

environment.

Key words: private large language model (LLM), financial AL, LoRA, network separation,

regulatory compliance
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